2022 46 H

55 6 G .
ACTA ELECTRONICA SINICA

Jun.

B REM TR s Ak~ > 89 70 A b [A]
TR BRIk

T 0% &, RMER,LBZ
(3T TR B 5 A B  BRPT P % 710077)

T2

A OE: XSG HUINE T T A TR AT MR, A SCHE T 2 REIR BB AL S B T —Fh A
APA TR A HESE . BLARH K 5 T D 3000 I R R 2 A S8 A WM ) 228 REIAE 55, R AR vh sl 2 2y
A SR 47 G i 28 BE AR R TR AR V- A DR SRR J3E 1 ) [ T D/ R AR 22 1) 90388 15 0 89, I A e R SR Ak
Y DU 11 25 0 BE MR PO PR RO, LR AL AR P2 il A e R AL TR SR M A Sy D10 A FL A , st 4578 RE R[] P ) SR it )
2] 5 AR, I a0 o3 A U0k REA A0 D v 4k Db ) 40 h A 0 BOMERSE , A LU T 24 94 U BBk A
A2y o) R R PSR /N, EARTE 2T T eeR ] ik 4 p Uk 16.8%.

KEW: WEXP; BEIYIRSE; SRR RIS RS ORI
hESES: TN975 XERFRIRED: A XEHS: 0372-2112(2022)06-1319-12

F F % 3R URL:http://www.ejournal.org.cn DOI:10.12263/DZXB.20210818

Allocation Algorithm of Distributed Cooperative Jamming Power Based
on Multi-Agent Deep Reinforcement Learning

RAO Ning, XU Hua, JIANG Lei,SONG Bai-lin, SHI Yun-hao
(Information and Navigation College of Air Force Engineering University , Xi’an, Shaanxi 710077, China)

Abstract:

termeasures, this paper designs a distributed cooperative jamming power allocation method based on multi-agent deep rein-

In order to solve the problem of jamming power allocation in battlefield cooperative communication coun-

forcement learning. Specifically, modeling the communication jamming power allocation as a fully cooperative multi-agent
task, then the framework of centralized training and distributed decision-making is adopted to alleviate the characteristic of
non-stationary environment and high dimensions in multi-agent system, reducing the communication overhead between
agents as well, and introducing the maximum policy entropy criterion to control the exploration efficiency of each agent. Re-
garding maximizing the cumulative jamming reward and maximizing the entropy of the jamming policy as the optimization
goal, then accelerates the learning of cooperative strategies. Simulation results indicate the proposed distributed method can
effectively solve the high-dimensional cooperative jamming power allocation problem. Compared with the existing central-
ized allocation method, it has faster learning speed and less volatility, and the jamming efficiency is 16.8% higher than that
of the centralized method under the same conditions.
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